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Abstract 

The emergence of generative Artificial Intelligence (AI) represents a fundamental disruption to the 
established model of higher education, challenging the monopoly of the lecture as the primary locus of 
knowledge transfer. This conceptual paper argues that incremental adjustments to existing curricula are 
insufficient to address the "cognitive economy" of the digital age, where attention—not information—is 
the scarce resource. Drawing on transaction cost theory, we demonstrate that traditional "one-size-fits-
all" lectures fail to compete with upcoming AI learning assistants. To prevent institutional obsolescence, 
we propose a comprehensive transformation model based on "Enabling Didactics." This model entails a 
shift from instruction to coaching, the inversion of curricula through Problem-Based Learning (PBL), and a 
radical restructuring of assessment. We introduce a "Dual Assessment Architecture" that separates 
knowledge verification (pass/fail) from holistic performance evaluation, and structurally decouples the 
roles of coach and examiner. The paper concludes by outlining the necessary institutional changes to 
transition universities from places of instruction to hubs of co-evolutionary learning. 

Keywords: Higher Education Transformation, Generative AI, Enabling Didactics, Problem-Based 
Learning, Assessment Reform, Transaction Cost Theory. 

 

The Disruption of Knowledge Access 

Academic education is facing a strategic turning point that challenges traditional teaching concepts. The 
emergence of generative AI represents a technological disruption that fundamentally changes the 
production, distribution, and acquisition of knowledge. Unlike previous digital tools, AI systems act as 
dialogue-capable agents that allow students to acquire content individually and in a needs-oriented 
manner (Baillifard et al., 2023; Holmes et al., 2019). This development questions the historical monopoly 
of the university lecture as the primary locus of knowledge transfer. 

A critical driver of this shift is the changing cost-benefit ratio of face-to-face teaching. Attending a 
physical lecture involves high transaction costs for students, including travel time, financial expenses, 
and rigid scheduling. From a rational choice perspective, traditional lectures often fail to justify these 
costs due to their inherent "One-Fits-All" restriction (Xu & Xu, 2019). Instructors typically aim their 
teaching at a median skill level, leaving high-performing students bored and lower-performing students 
overwhelmed. 

However, physical presence in a lecture hall does not guarantee mental engagement or effective 
knowledge acquisition. Traditional lecture-based formats assume that students sitting in a classroom are 
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actively processing and absorbing information, yet this assumption increasingly conflicts with empirical 
evidence about attention and cognitive engagement. 

Empirical research (Alaparthi, 2024; Mark, 2023) revealed a significant relationship between increased 
social media usage and diminished attentional control, with heightened distractibility consistently 
observed. This contributes to a paradoxical situation whereby students may be physically present in 
lectures but not truly listening or absorbing the relevant knowledge. The traditional model of collective 
knowledge transfer assumes uniform attention and engagement. However, the constantly stimulating 
nature of social media has conditioned the brain to operate on 'unrealistic timescales', demanding 
instant gratification. This makes it difficult for students to sustain their attention when they do not receive 
an immediate response or reward. The passive lecture format, which once formed the basis of higher 
education, now often leaves students physically present but cognitively absent — a phenomenon that 
calls into question the effectiveness of traditional teaching methods. 

In a digital society where factual knowledge is ubiquitous, the limiting factor in learning is no longer 
access to information but the allocation of attention. Traditional educational architectures built on 
"stockpiling" knowledge are becoming obsolete. The focus must shift to developing skills for real-time 
knowledge acquisition, filtering, and evaluation (Downes, 2012; Siemens, 2005). This constitutes a 
transition from a "Just-in-Case" to a "Just-in-Time" learning strategy (Schulmeister & Loviscach, 2017), 
where professional life increasingly demands situational relevance over static repertoires. 

 In contrast, AI learning assistants offer a highly personalized learning experience with near-zero 
transaction costs. They adapt content, difficulty, and learning paths dynamically to individual needs (Sajja 
et al., 2024). Consequently, a competitive situation has emerged: if a session's primary goal is mere 
knowledge transfer, the AI system is structurally superior regarding efficiency and adaptability. Students 
increasingly choose the path of the best cost-benefit ratio, leading to a decline in lecture attendance 
unless physical presence offers tangible added value through social interaction and emotional 
engagement (Katzman & Stanton, 2020). 

Consequently, the resulting imperative is not to ban AI but to design the educational process as a 
continuous co-evolution of didactics and AI systems (Luckin et al., 2016). Technology handles the rapid 
provision of information, while human didactics focus on context, critical thinking, and ethical judgment. 
In this new epistemology, "relevant knowledge" cannot be definitively prescribed ex-ante. Instead, the 
educational focus shifts towards "AI Literacy" as a key competence, enabling students to navigate 
complex knowledge landscapes autonomously. 

From Instruction to Enablement 

The economic and technological shifts described above necessitate a fundamental reconfiguration of the 
didactic relationship. If the mere transmission of declarative knowledge is no longer the primary value 
proposition of the university, the focus must shift from "instruction" to "enablement." This paradigm shift 
defines the educational process not as a linear delivery of content but as a partnership-based 
responsibility structure. 

In this model, the institution provides the "structural enablement"—an optimized, media-diverse 
infrastructure—while the students contribute "individual autonomy". However, this autonomy is not a 
given prerequisite but a competence that must be systematically developed. Current didactic practice 
often fosters passivity through excessive "care" and rigid learning paths. A sustainable higher education 
model must therefore break with the culture of "spoon-feeding" and replace external pressure with 
intrinsic motivation, fostering a sense of ownership over the learning process (Zimmerman, 2002). 

This shift fundamentally alters the professional profile of faculty members. The lecturer is no longer the 
"Sage on the Stage" but transforms into an architect of adaptive learning environments and a mentor for 
self-regulated learning (Huba & Freed, 2000; Schulmeister, 2004). The primary task becomes the curation 
of learning paths and the provision of "scaffolding"—didactic support structures that are gradually 
removed as the learner's competence increases. This principle of "helping students to help themselves" 
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requires teachers to diagnose individual learning levels and intervene selectively rather than broadcasting 
to the collective. 

This role change is demanding. It requires faculty to move from being experts in their field to becoming 
experts in facilitating learning processes. This transition is often hindered by a lack of AI literacy among 
faculty themselves and a traditional self-concept centered on domain expertise rather than pedagogical 
coaching (Budde et al., 2024; Mah & Groß, 2024). 

To make this high degree of autonomy manageable, the didactic architecture must be data-driven and 
structured. A systematic assessment of learning preferences and skills is a necessary condition for 
"needs-based teaching". By leveraging digital tools, universities can approximate the model of an 
"adaptive tutoring institute," where mass education is tailored to individual needs through a mix of AI 
support and human mentoring (Wannemacher & Bodmann, 2021). 

To ensure that flexibility does not lead to disorientation, the use of binding target agreements is 
recommended. The collaborative definition of individual SMART goals (Specific, Measurable, Attractive, 
Realistic, Time-bound) serves as a personalized guidance matrix, replacing rigid semester schedules with 
measurable milestones. 

Finally, the physical learning space must be redefined to complement, not duplicate, the digital realm. If 
knowledge acquisition happens asynchronously via AI, the campus becomes a space for networking, 
discourse, and deep processing. This "Connectivist" approach posits that learning occurs through the 
connection of nodes in a network—both human and technical (Siemens, 2005). Consequently, 
synchronous collective teaching should be reduced to a didactically meaningful minimum. Face-to-face 
time is too valuable to be spent on lectures that could be consumed as videos; it must be reserved for 
collaborative problem-solving and social exchange, which remain the unique selling points of the 
physical university (Katzman & Stanton, 2020). 

Inverting the Curriculum: Problem-Based Learning (PBL) 

The traditional curricular architecture of many degree programs, particularly in business and economics, 
privileges the transfer of declarative knowledge over the acquisition of action-oriented skills. This "front-
loading" approach—teaching abstract fundamentals years before their application—no longer 
corresponds to the requirement profiles of dynamic professional environments. To foster genuine 
competence, the curriculum must be inverted: specialist knowledge should "follow the problem," not 
precede it. 

Integrating Project-Oriented and Problem-Based Learning (PBL) formats at an early stage allows 
knowledge to be anchored in application-oriented contexts rather than taught in isolation. In this model, 
fundamentals are introduced specifically when they are needed to solve a concrete, authentic problem. 
This "Just-in-Time" learning strategy significantly increases intrinsic motivation by making the purpose of 
learning immediately visible to the student. By systematically designing problem scenarios that increase 
in complexity, curricula can ensure that essential subject areas are covered in a needs-oriented manner, 
transforming knowledge acquisition from a compulsory preliminary exercise into an integrated part of the 
problem-solving process. 

In an era where information is generated and retrieved algorithmically, "AI Literacy" advances to the 
status of a key transversal competence. This goes beyond mere operational skills; it requires a reflective 
understanding of algorithmic structures and the ability to evaluate AI-generated information critically. 

The curriculum must therefore aim to develop a "critical-dialectical" approach to knowledge acquisition. 
Since generative AI systems can hallucinate or reproduce biases, students must be trained to identify, 
evaluate, and integrate relevant information into their own learning ecosystem. This shifts the didactic 
focus from knowledge retention to the orchestration of human and machine intelligence. As highlighted 
by the OECD (2019) and Future Skills frameworks (Stifterverband, 2019), such technological and data 
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literacy must be interwoven with transformative competencies—such as innovation thinking and complex 
problem-solving—rather than being relegated to isolated "IT modules". 

Real-world problems rarely adhere to disciplinary boundaries. Consequently, modern curricula must 
break down the silos of individual subjects. By deliberately designing projects that can only be solved 
through an interdisciplinary approach, higher education institutions foster not only technical skills but 
also the social and communicative competencies required in networked working environments. 

This structural openness must extend to cultural dimensions. In a networked world, intercultural skills 
and global perspectives are indispensable components of higher education. Curricula should integrate 
international perspectives and create authentic spaces for exchange—whether through digital 
collaboration or physical mobility—to prepare students for global challenges. This aligns with the 
understanding that sustainable learning is networked, adaptive, and collaborative, replacing unilateral 
instruction with the creation of flexible connections between diverse areas of knowledge (Siemens, 2005). 

The Dual Assessment Architecture 

Transforming the learning architecture requires a simultaneous transformation of the assessment 
culture. Traditional "bulimic learning"—cramming for end-of-semester written exams—is incompatible 
with a competence-oriented, AI-integrated curriculum. Therefore, the proposed model replaces 
fragmented module examinations with a dual architecture consisting of Knowledge 
Verification (Pass/Fail) and Holistic Competence Evaluation (Graded). 

This separation addresses the "AI paradox" in assessment: while AI can easily pass standard knowledge 
tests, it cannot simulate the deep, situational application of knowledge in a live defense. Consequently, 
the assessment strategy shifts from verifying memory to evaluating performance and reflection (Jisc, 
2019). 

In this model, the acquisition of fundamental knowledge is organized in "Knowledge Transfer Modules" 
(WTM). These units function analogously to "Micro-Bachelor Theses": students act autonomously, 
identifying knowledge gaps within their projects and approaching instructors to attest to this specific 
knowledge. 

Crucially, these WTMs are not graded but assessed on a Pass/Fail basis. They serve as necessary 
prerequisites—effectively "admission tickets"—for the final project assessment. By removing grades from 
the foundational stage, intrinsic motivation is strengthened, and the risk of strategic "grade hunting" is 
minimized. In an advanced iteration of this model, students may even propose their own WTM topics, 
bearing the risk that their self-curated curriculum might not be recognized if it fails to meet academic 
standards. This mechanism radicalizes the principle of student responsibility and forces active 
engagement with the curriculum. 

The core of the grading process is concentrated in a comprehensive Final Assessment at the end of the 
project phase. Unlike a brief oral exam, this is a multi-hour (2–4 hours), structured event that simulates a 
professional review or an assessment center. 

The assessment is multimodal, comprising: 

• The Product: A tangible result of the project (e.g., a prototype, a strategic paper, a software 
application). 

• The Defense: A critical technical discussion where students must justify their decisions and 
demonstrate that they have internalized the necessary disciplinary knowledge. 

• Reflection: An evaluation of the collaborative process and the student's own learning 
trajectory. 

This format ensures "Assessment Validity" in the age of AI. While AI can generate text, it cannot defend a 
physical product or sustain a critical, high-level dialogue about specific design choices in real-time. 
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To enable a genuine partnership between faculty and students, the roles of "Coach" and "Examiner" must 
be structurally separated. In the traditional model, the fear of the examiner often inhibits open 
communication with the lecturer. 

In the proposed model, the project supervisor acts solely as a mentor/coach, supporting the team in 
achieving the best possible result. The final assessment, however, is conducted by external 
examiners or colleagues from different departments ("Ring Exchange"). This structural change realigns 
the incentives: the student and the professor are on the same side, working together to meet the rigorous 
standards of the external assessment. This restores the pedagogical relationship to one of trust and 
enablement rather than control. 

Institutional Implications and Change Management 

The pedagogical shift from instruction to collaboration requires a corresponding transformation of the 
physical infrastructure. If knowledge transfer moves to the digital realm (asynchronous WTMs), the 
campus must be repurposed. Large lecture halls, designed for one-to-many broadcasting, become less 
relevant. Instead, the "University of the Future" needs flexible project rooms, "Maker Spaces," and open 
collaboration hubs that facilitate teamwork and peer-to-peer exchange. 

This restructuring extends to administrative currencies. The traditional metric of "Semester Weekly 
Hours" (SWS/Deputat), which measures teaching load based on face-to-face time, is ill-suited for a 
model based on coaching and asynchronous content creation. A new capacity calculation model is 
needed that accounts for the time-intensive nature of individual mentoring and the development of digital 
learning assets, decoupling faculty workload from mere physical presence. 

The most critical resource in this transformation is human capital. However, structural barriers often 
impede innovation. The traditional interpretation of academic freedom has historically fostered a culture 
of extreme decentralization, where individual professors operate as autonomous entities with little 
incentive to adapt their teaching methods (Schierholz, 2004; Lundgreen, 1999). 

To overcome this, teaching competence must be reconceptualized not as a fixed talent but as a subject 
of continuous professional development. Institutional frameworks must shift from a "laissez-faire" 
approach to active personnel development, where pedagogical training is mandatory and high-quality 
teaching is rewarded on par with research output. As noted by Felder and Brent (2010), faculty resistance 
to such training is natural but can be mitigated by creating communities of practice and offering tangible 
support rather than just mandates. 

Implementing such a radical shift requires strategic change management. A "big bang" implementation 
carries high risks of rejection. Instead, a "dual operating system" is recommended: establishing 
innovative "speedboats" (pilot programs or specific PBL tracks) alongside the traditional "tanker" 
organization. 

This allows for the gradual testing of new formats (like the PBL pilot track) without destabilizing the entire 
institution immediately. Over time, the success of these pilots—visible through higher student 
engagement and employability—creates a "pull factor" that facilitates broader adoption. The institution’s 
role evolves from a mere administrator of curricula to an orchestrator of diverse, adaptive learning 
ecosystems. 

Conclusion: A Call for Proactive Transformation 

The rise of generative AI in higher education is not a temporary trend but a systemic disruption that 
exposes the inefficiencies of the industrial-age university model. This paper has argued that incremental 
adjustments to existing architectures are insufficient. To remain relevant in an era of "cognitive 
abundance," universities of applied sciences must undergo a fundamental paradigm shift: 

• Epistemologically, from storing knowledge to navigating knowledge networks. 
• Didactically, from instruction to enabling and coaching. 
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• Curricularly, from input-orientation to problem-based competence acquisition. 
• Institutionally, from administrative silos to adaptive service structures. 

The proposed transformation model—centered on "Enabling Didactics" and a "Dual Assessment 
Architecture"—offers a viable path forward. It respects the legitimate demand for efficiency (via AI) while 
reclaiming the university’s unique value proposition: the social, critical, and creative discourse that no 
algorithm can replicate. The question is no longer whether this transformation will occur, but how: 
proactively designed by educators or reactively forced by market obsolescence. This paper advocates for 
the former—a confident, structured "Lehrwende" that embraces technology to humanize education. 
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